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A Dynamic Theory of Corporate Financing

: An interplay of dynamic optimization and frictions in financial markets creates an
interesting theory of corporate finance. We extend the dynamic theory of a firm"s optimal
investment policy, which was developed during the three decades starting in 1960s, to the
issue of optimal dividend and financing policy. To our knowledge this is the first within
such attempts to predict that the optimal financing policy comprises a regime-dependent
"pecking-order." The different regimes depend on the sizes of various forms of financial
frictions, such as the cost of issuing stocks, taxes on dividend payouts, and the relative
magnitudes of borrowing rate, lending rate, and riskless discount rate. The
Jorgenson-Modigliani-Miller theory corresponds to the case of no frictions. Our model also
generates nonlinearities such as intermittentness, lumpiness, and hysteresis in firms®

investment and financing behavior.
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